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Abstract The ability of net primary production NPP was estimated by using the Chinese GF-1
remote sensing data. The specified land surface parameters such as vegetation indices light
efficiency and water indices were modified to establish Carnegie-Ames-Stanford approach
CASA model for NPP modeling by using the Chinese GF-1 satellite data. The field observation
data was used to valid the accuracy of simulated NPP from CASA model. There is a good
correlation between the simulated NPP and field observed NPP with correlation coefficient of
0.94 and RMSE is 20. 59 gC/ m* a . Furthermore the NPP results were compared with similar
study over semi-arid grassland zone. The results showed that the CASA model performs well at
regional scale grassland monitoring. The Chinese satellite data has potential to be further applied
on the semi-arid grassland particular on coal mine environment monitoring over this region.
Key words Chinese GF-1 satellite data NPP net primary productivity  semi-arid grassland
coal mine area CASA model
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Table 2 NPP results from field observation and
remote sensing modeling
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Fig. 2 Inversive results for NPP distributions 290. 09 275. 01 15. 08
of 2014 252.47 244.12 8.35
1 CASA NPP 232.58 278. 00 45.42
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Table 1 Estimated NPP of Hulunbuir glassland
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