%38 K %140 Aok X F F R (B KR HAF RKR) Vol.38,No. |
2017 % 1 A Journal of Northeastern University ( Natural Science) Jan. 2017

doi: 10.3969/j. issn. 1005 —3026.2017.01. 029
ETHELTIENT miEFET A

R OE,ERE,H ¥
(ALK TGRSR, 107 WL 110169)

i . WE KRB EIR , F T 45 P S, 7 i B R SRR O 0 S A Y
T B B T R BT RS AR PSR T SR N BT AT 0 R B TR T 0 e ELITHE Y
BOR IR S R M AT SRR B R AR G RS B TTHR AU (I O T 8 S M A EE s SR S HE TR T Y
5 AR HEAT 30T, W T 2 3815 ST 1] 38 7R R O T VT s B2 AL 238 43 A 5 A AL o /000 o DU 45 38 79 79 7= i O
TEA BN G565 9F—2, #id PROMETHEE 11 J5 30 & 38 7= s it A HEY . Boe , 38— i e B
SR B 2 D7 % 0 AT AT R S

X 8 A IR ELIHE BRGSO FEL S T

FESES: C 934; TP 391 XERFRRED . A XEHE: 1005 -3026(2017)01 —0143 - 05

Product Selection Methods Based on Online Reviews

LIANG Xia, JIANG Yan-ping, GAO Meng
(School of Business Administration, Northeastern University, Shenyang 110169, China. Corresponding author:
JIANG Yan-ping, E-mail; ypjiang@ mail. neu. edu. cn)

Abstract; With the advent of the big data era, the scale of e-commerce platforms has expanded
rapidly and consumers need more efficient product selection methods, which would help make
decisions quickly in the massive kinds and a number of products. Therefore, a method of product
selection based on online reviews is proposed. First, the utility values of the online reviews are
calculated. By extracting the product attributes, the attribute set for product selection is obtained.
Considering the utility values of the online reviews, the weight vector of attributes is determined.
Second, by analyzing the sentiment words, consumers’ sentiment preferences are expressed in the
format of probability distribution about sentiment levels. Based on the principle of stochastic
dominance , the dominance relationships of any pairwise products on each attribute are determined.
Third, by using PROMETHEE I, the ranking result of alternative products is obtained. Finally,
an example of product selection is given to illustrate the feasibility and practicability of the
proposed method.
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Table 1 Sentiment words and their attitudes
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Table 2 Degree adverbs and their grades
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Table 3 Probability distribution of notebooks about sentiment levels
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Table 4 Ranking of products on each attribute
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