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Abstract; Existing studies of graph similarity search mainly focus on the subgraph matching
instead of the graph set matching. To tackle this issue, GSSS algorithm was proposed based on
filtering — and — verify framework. A graph set distance was defined. In order to reduce the search
space, Number filter, Size filter, Complete edge filter and Lower bound filter were proposed.
Then, the computation of the graph set distance was optimized. An incremental multi-layer
inverted index was designed to further improve the query efficiency. Extensive experiments on a

real-world dataset show that GSSS algorithm is effective and efficient.
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Fig. 1 lllustration diagram of multi-layer inverted
index
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Fig. 2 Flow diagram of GSSS algorithm
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Fig. 5 Filtering effect of different distance thresholds
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