%39 K %24 Aok X F F R (8 KR HA M) Vol.39,No.2
2018 % 2 A Journal of Northeastern University ( Natural Science) Feb. 2018

doi: 10. 12068/j. issn. 1005 —3026.2018. 02. 007

T CT B4 3D %5 1iE 1y i 45 1 46 U

I oW, R E, ﬁiziﬁ} AP A
(FACRZ2: IHEARL2E S TR, 07 L 110169)

i . N TSR A HERE, B2t — R0 B rhocs 5 R S 4 il 5 T R I ARk AR il
AT SRR MR AR SRR ik E) CT R FEARSEAR LB & I AR R, 108 T A5 281 i3 DX 3 A B8 AUt 48515 IX.
B AR T B EE T A TR AR AT CT G rh S8 AR 285715 DX 3 i) v s A RS AR 0T ¢ L v s R
P BT H BHPEAZS 1Y . SO A SEERBAE R B T B T B AL S BE A LIDC $0dE . Se g IR otk 5
Bk IR EE A ) 86. 36% R FHTEZR Jy 1. 76.

X8 IR WSS LSRN Il 43 B BARER ; SILC; Hhul R S

FESES: TP 391.41 XHRPRERAD: A XEHS: 1005 -3026(2018)02 -0181 - 05

Pulmonary Nodules Detection Based on 3D Features from CT
Images

WANG Bin, ZHAO Hai, ZHU Hong-bo, PAK Chun-hyok
(School of Computer Science & Engineering, Northeastern University, Shenyang 110169, China. Corresponding
author;: WANG Bin, E-mail: 778999451@ qq. com)

Abstract
performance of pulmonary nodules detection. CT images are segmented by using SLIC ( simple
linear iterative clustering) superpixel algorithm in the method. Superpixels are merged according
to the similarity to extract pulmonary areas and suspected pulmonary nodule areas, which reduces

A detection method based on the center continuity is proposed to improve the

the missing rate of suspected pulmonary nodules.
positive which keeping center continuous in 3D space.
obtained from Shanghai chest hospital and LIDC database.

Suspected pulmonary nodules are diagnosed as

All of CT images in experiments are
The experimental results of the

improved algorithm show that sensitivity is 86. 36% and false positive is 1. 76.
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Fig. 1 Result of superpixel segmentation based
on SLIC for chest CT image
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Fig. 2 Result of chest CT image segmentation
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Fig. 3 Segmentation result based on boundary energy
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Fig. 4 Extraction of suspected nodule area with
superpixel segmentation
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Fig. 5 Comparison of position continuity between pulmonary nodule and bronchus in CT image
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Fig. 6 Sequent images of pulmonary nodule mass center
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Fig. 7 3D shape of pulmonary nodule
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Fig. 8 Comparison of results with different thresholds
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Fig. 9 Result of detected malignance pulmonary nodules based on center continuity
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