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Salient Region Extraction Algorithm for Multi-target
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Abstract; Combining object estimation and super-pixel segmentation, a salient region extraction
algorithm for multi-target was proposed. First, object estimation was used to make a preliminary
extraction of multi-target in image, and the preliminary results of several salient regions were
obtained. Then, these several salient regions were concatenated with the results of super-pixel
segmentation to complete the saliency extraction. Finally, the concatenated regions were binarized
as the final results of salient region for multi-target. The results showed that the proposed
algorithm can achieve multi-target salient region extraction. The comparison with three classical
algorithms indicated that the proposed algorithm is better when it is faced with salient region
extraction for multi-target.

Key words: multi-target; salient region; object estimation; super-pixel segmentation; image
processing

N R GEBA LB FEALH], Al kb
PN B L oE 5 B B, BAT 2 W R AN
fr SR BE T7, H JE X RE 1 AR i I T T AL
Lk R, R AT AR P OG i F P
HEOGER T, JE IR X LEBE SR AT SR TE
FIREMS 1A B PG5 L A 5 i 3 0 A Oy (2 25 1 X
s R N SETE B AL 5 LA ZIHLAR L8 SR,
T LT — o 2 DR R

R EE XIS UL o o =28 B TR Y
XFEE Rz Ry ) |, 2 T i 20 A S — 8 iR
AU FET RO HG Y 3 DX ARG 0 B
AR MR X Il B 3R TR S Bl — A/ N Je

i B 2017 -06 -27
HETH.: ERARBALETHTHE (61101057).

R HEJE B i PR T X R R B 3
M AR Tai S PR IT Bk T
R XF LAY S A I T ik ) AR
AR AF 05 38 BE (R L RS R R A
PN Cheng 5510 4 1 LT DXI00S L 1Y
RC 583k, T3 i 3 p) 8 =25 PR A 00 O vk g 2
SEAR ISR A (R P OB S b B TR 2 T
UM ) 8 3 P A B0 v e HARR M 2
SR AL R W A I )y v IR 2 RUE B
@ S R B T ACRMESR LY Tiang
AR A ) 2 2 RUBE JR S B A B
BUA A S 5 PR PR BOCR R R 22 02 i 1) B H AR [

BRI & B(1982 ) B LTI, RAURARI 07 , 1.



%10 & #

RE. SRR

bk BRI & 1381

&, Jaukxt Z2 FAR RGO TR , A XTI R A
1522 FURRIN B 2 FRAEEAT 20 A, A R B9 = FR
P BARFE, HREU A2 H AR P i —A4> {82
A ABRIRB I — A 5 HEEH H AR XA —38 73
BEX IR ), A SCES B R R A TR R 0 E]
S 1T —Fh 2 AR Pk R SRR

1 5

AR 22 F AR S8 T R Rk 0
AR A IR A I 1200 IR B R A — A0 28
AbBE i 5E PG R A HAR XS A0 A5 T L, B
He 22 AR 25 1k DS S U A o 2241 B H s
F MDA (R X A B E H AR
B HAR KR —8 73, Pk, AR SCR AR R ]
TIEARTRAM G B H A5 D, 7R 2 TR AN B
FURR DI 330 0 325 P R e Je R 451 F B DX 0
Prze [l rf DTS2 R 2 A 35 P X R
SRR 1 PR,

GEE B

k=

s

(e B | B v i B | ek
T I
| B

(ZERBFHKBRBLER)
1 ERREMRKERNESREE

Flow chart of salient region extraction algorithm
for multi-target
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Fig. 2 Defects in salient region extraction for multi-
target by using object estimation method
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Fig. 3 Salient region extraction results of four algorithms for multi-target image with regular background
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Fig. 4 Salient region extraction results of four algorithms for multi-target image with complicated background
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Fig. 5 Salient region extraction results of four algorithms for multi-target image with big differences between

objects
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Fig. 6 Accuracy rate-recall rate curves
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