%40% %14 Aok X F F R (B KR HAF RKR) Vol.40,No. 1
2019 % 1 A Journal of Northeastern University ( Natural Science) Jan. 2019

doi: 10. 12068/j. issn. 1005 —3026.2019. 01. 002

SHNKFEFREREIRER G DB FE

Moo FeeA, ZRAR, Fom’
(1. ZALR2E DLEs ARl 5 TR0, 07 W 110819; 2. BIliiviak WERly SHARZM, 107 #I1 114005)

i . W TREERGOFEIEE RS EU KIS 2hHE BT ) sk R o FI5Rk. Z Ak
FIZKT-SE MR S 800m B2 , T AR A5 15 B eR I, RIS T AOP4E s 48 B2 1 SR KT 4 gt A 3
£ ML) LGDF (local Gaussian distribution fitting ) 5% FR i A7 G 4E) | AN Te 2 B0 HT 0 R AL A& A0 ) 18 0 35 ) Bsf
A BERRAERIE DK, SCIR B SRR I T 7 IR A A5 3 BB 75 | CT ARG S B 2= UG, Sk A IE Sy 43
HI5 1 LGDF A48 A P 43 #1539 MSLCV M L FEARIE - 0RS BE A Rl 1B B A5 3 1 B B 4 .

X 8 R KPS ; %5 F] ; LGDF #i% ; MSLCV #5i#!

hESZES. TP 391.41 XEFRERD . A XEHS: 1005 -3026(2019)01 —0006 — 05

Fast Image Segmentation Algorithm Based on Parametric Level
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Abstract; In order to improve the segmentation speed, a fast image segmentation method based
on parametric level set active contour model was proposed. The level set function was determined
by the parameter vector, rather than the signed distance function, which reduces the dimension of
the level set function. The parametric level set function was embedded into the classical LGDF
(local Gaussian distribution fitting) segmentation algorithm, and it does not need to be re-
initialized or additional regular terms, and it can choose larger step length. The experiment results
show that the proposed method can effectively segment medical images such as ultrasound, CT
and MR medical images. Compared with the LGDF model with regular terms and the recently
proposed fast segmentation algorithm MSLCV, in the case of similar segmentation accuracy, the
calculation speed of the proposed method is improved obviously.
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Fig. 1 Segmentation of breast nodule ultrasound images
with different N values
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