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Abstract; It is difficult to model stock market because of its uncertainty, while fuzzy time series
has its advantages in dealing with fuzzy and uncertainty data. Accordingly, the data was first
preprocessed and a new way to divide the universe of discourse was given, after which the data
was fuzzified using the triangular membership function, and a three-layer BP neural network was
then established according to the fuzzified data. Finally, the generalized inverse fuzzy number
formula was used to defuzzify the fuzzy relation, with the prediction results obtained. The method
was used for predicting the stock price of State Bank of India ( SBI) and the enrollment of the
University of Alabama, and the results showed that the prediction accuracy is higher than that of
the related previous methods.
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R x(e) () /% % f(1) AER/%
1971 13055 — — — —
1972 13563  3.89 — — —
1973 13867 2.24 2.3740 13885  0.13
1974 14696 5.98 6.5934 14781  0.58
1975 15460 5.20 4.2230 15317  0.92
1979 16807 5.96 9.8291 17420  3.65
1988 18150 7.66 7.2206 18076  0.41
1989 18970 4.52 4.7796 19017  0.25
1990 19328 1.89 1.8526 19321  0.04
1991 19337 0.05 3.1134 19367  0.16
1992 18876 -2.38 -2.2430 18903  0.14
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Table 4 Comparison of predicted results from
different methods
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1972 13563 14000 — 14464  —
1973 13867 14000 — 14464 13885
1974 14696 14000 14500 14710 14781
1975 15460 15500 15500 15606 15317
1988 18150 16813 18500 18473 18076
1989 18970 19000 18500 18473 19017
1990 19328 19000 19500 19155 19321
1991 19337 19000 19500 19155 19367
1992 18876  — 18500 18473 18903
RMSE 775687 86694 227194 666. 40
AER/% 4.3800 1.5294 2.3865 0.1010
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