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Abstract; In order to improve the estimation accuracy of mixed matrix in underdetermined blind
source separation, an underdetermined blind source separation algorithm based on directional
amplitude ratio of mixed signal data in frequency domain was proposed. In order to make full use
of the phase information of data points of complex mixed signals, the directional amplitude ratio of
complex signals was introduced, and the screening of single source points was accurately
implemented by the variance, mean and distribution density of directional amplitude ratio of the
complex mixed signals. The single source points was disposed with unitization and projection, the
ratio of column elements of a mixed matrix was obtained through clustering analysis to estimate the
mixed matrix. Finally, the matching pursuit algorithm was used to reconstruct the source signal.
The simulation results show that the algorithm proposed can obtain more precise mixed matrix and
separated signals compared with the comparison algorithms.
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Fig. 3 Separated signals obtained by the algorithm
proposed in reference[ 9]
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Fig. 5 Separated signals obtained by the algorithm
in this paper
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