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Abstract; The automatic learning of Bayesian network graph structure is a challenge in machine
learning. Aiming at the problems of low learning efficiency of traditional algorithm, difficulty in
removing redundant edges and determining the direction of the edges in the structure, a Bayesian
network structure learning algorithm based on Markov blanket was proposed. The proposed
algorithm improves the classical Markov blanket learning algorithm, reduces the number of
conditional independent inspections, and is more suitable for Bayesian network structure learning
in the subsequent determination of directed structures. At the same time, a general solution for
determining the direction of two directed edges was given, which effectively improves the learning
efficiency of the learning algorithm. Finally, the Bayesian network-based interconnected cloud
QoE evaluation model was established, and the simulation experiment was carried out. The results
showed that the improved learning algorithm is superior to the traditional algorithm in prediction
accuracy and learning efficiency.
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1.FOR T eU

2. & CanADI(T) R ML Fh R s T AMITAH 19 8

3. IR 55 T W5 F 5 sidEf CPC(T)2h NULL;

4. WA 8 T AT 4R & Pa(T) SR si4E
4 Sp(T) 3 NULL;

5. 4 CPC(T) =GenPC(T, CanADI(T), D,a) {7k

2k
6. END FOR
7.FORT eU
8. WET N THE/RAREE MB(T) =CPC(T);
9. FOR X e(CPC(T) -Pa(T))
10. % CanSP = CPC(X) ;
11. IF T ¢CanSP
12. MB(T) =MB(T) - | X} ;
13. END IF
14. FOR Y €CanSP H. Y ¢MB(T)
15. IF Ind(T, Y | Sepset; ,U{X}|) >«
16. MB(T) =MB(T) U | Y} ;
17. Pa(X) =Pa(X) U {T,Y};
18. Sp(T) =Sp(T) U {Yt;
19. Sp(Y) =Sp(Y) U {T};
20. END IF
21. END FOR
22.  END FOR
23. END FOR

24. RETURN MB
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1. SRR/ setsize = 0;

2. WHILE |ADJ(T) | > setsize

3. JETInd(T, Y )X ADI(T) HE9¥ S AT HER ;
4. FOR X €ADJ(T)

5. FIFH GenSet 5775153 2 55 141 42 40 WL 4R &
SET =GenSet(ADJ(T) - {X}, setsize) ;

6 FOR S €SET

7. IF Ind(X,T1S) <a) THEN

8. M ADI(T) 4757 53 X B

9. A E4E Sepset, = S;

10. FOR Y S

11. B3 Freq(Y) ;

12. END FOR

13. BREAK

14. END IF

15. END FOR

16. END FOR

17.  setsize = setsize + 1 ;
18. END WHILE
19.CPC(T) = ADJ(T);
20. RETURN CPC(T) ;
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