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Abstract .

The existing spam website detection methods are mainly aimed at self-built spam

websites, and not suitable for injected spam websites because of the low efficiency of link
detection. This paper proposes a new detection method, in which a detection framework is based
on multi-dimensional features of webpage structure and text. The framework divides the webpage
into blocks. Then content features are extracted by calculating odd ratio and structural features

based on tags,

attribute keys and attribute values are extracted by using the one-hot rate. The

detection model is generated by proper machine learning and used to detect spam links. The
detection accuracy of this framework is increased by up to 13% , compared with the algorithms
based on content detection and on blacklist matching.
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