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Abstract ; a class of adaptive iteration step size accelerated ( Adam )
algorithms becomes a research hotspot because of its high computational efficiency and

In related researches,

compatibility. To solve the problem of Adam’s low convergence rate, based on the combination
of current gradient, prediction gradient and historical momentum gradient, this paper proposed a
new kind of Adam algorithm named as compound gradient descent method (C-Adam) , and proved
its convergence. The difference between C-Adam and other acceleration algorithms is that C-
Adam distinguishes the prediction gradient from the historical momentum, and finds a more
accurate search direction for the next iteration through a real gradient update. Using two testing
data sets and the data of 45 steel static tensile experiment to test the C-Adam, the results show that
the algorithm has faster convergence speed and smaller training loss compared with other popular
algorithms.
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