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Abstract: With the diversified development of social networking platforms, social networking
recruitment has become a hot spot for enterprises. In order to effectively reduce the risks of
corporate social networking recruitment, the flow chart method was used by combining the
empirical research results and experts’ opinions to comprehensively analyze the risk factors of
social networking recruitment. Then, on this basis, a risk evaluation index system of enterprises’
social networking recruitment was put forward, and the social networking recruitment risk
evaluation model based on Bayesian network was established. Finally, the model was used for the
risk assessment of an actual example of corporate social networking recruitment. The probabilities
of the risks in each social networking recruitment stage and the overall probability of the risks in
social networking recruitment were calculated and ranked, and then some suggestions were put
forward, which verified the effectiveness of the evaluation method.
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Fig. 1 Flow chart of social networking recruitment
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Table 1 Indexes of risk evaluation in social networking recruitment
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Fig. 2 Model diagram of Bayesian network
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Table 2 Prior probability in the risk occurrence of tertiary indicators

P AU R & WERR(H R DR R & ER(E
x, =Pl SEgiipas des:] 65% Xi0 i RERHA 86%
x, XS T S E R 18% Xn a7 1 i S 1 1) 68%
x X F R A B O 57% X1 HELMIEN 88%
X, H bR A1 43% X3 [ipEwalRried 57%
Xs RISl i il e 18% X T K 63%
X NI NER N 57% Xis BB B M RE S 97%
X, AP T A BT 64% Xi6 Bt Yt 47%
Xy MR G 77% X P 899%
X R A AR 59% Xig Py 76%




1360

AKX FFR(ARFFIR)

%41 %

TS Aol A 22 BEBEAT U5 R, 18 A Aol A
A2 I 25 2% i B ) XU, i A 1 e RS 4 52
WA TR | AR bm XU A A 17 D X — A8 b 14 32
MR BN FBh Y B = Aa AR E 7 K S 18

AP x, KPR BIHET 5 AL x, T B AA

FEIIRI x, ARBCA KU BT B B B B,
K S B AE N 0. 345 DAL 264, B B4 L
Wb B =8 b5 AR bR Y SRR LA 3.

®3 HWYMER=FIERS ZRigtRE R4 ERE
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Table 5 Probability of risk events in social networking recruitment
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