3655 1H Ak X F F R (B A HF R Vol.36,No. 1
20154 1 A Journal of Northeastern University ( Natural Science) Jan. 2015

doi: 10.3969/j. issn. 1005 —3026.2015.01. 002

ETRRBRENEEESE

F R, NEE, HEL
(HRAEKRZ FEER25 TR2BE, 127 YL 110819)

a8

&0
S
v’

¥ B MFIFLS A REE R T T S S E A R — S R EGHEA T B RS T E
U553 B R ARAS S SBAR. X 3X — [R)8 , SR 8 F B IR b 3R G0 1) 4 Bl i eR IO R 48 B SRR Ak R A T el it
WIS BI AR R RS, W B Rk B S5 % Gols REUHSS & AR5 AN T2t 2 B B 38 s
BREAR A B A ROE IR T ARG & o Bk Bl SRS 2 (5 R85 SRR B FE X S PR i & (5 5 0 T
B G BRI P RE B B TS A SRR B O BLFE R T R G S0 i [ B ORI /b T34 i 25
X ¥ OWH: BRSO BAME IS ES; BRI RL W KA

HE4S¥XE: TN 911.6 SCERARAERD: A STEHS: 1005 -3026(2015)01 — 0006 — 04

The Blind Source Separation for Speech Signal Based on Pearson
System
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Abstract; The same activation function is always used to separate all speech signals by means of
the conventional natural gradient algorithm. Although blind source separation can be achieved, the
separation effect is not ideal. To solve this problem, sub-band activation function was used based
on Pearson system to improve natural gradient algorithm. By introducing Pearson system, the
Pearson function with conventional activation function was combined. The appropriate activation
function was selected according to the method of moments-estimating in each part. Then the
selected activation function was brought into the separation matrix. This algorithm effectively
overcomes the shortcomings and deficiencies of the conventional separation algorithm for speech
signal. The simulation results showed that the performance of the improved algorithm is superior
to that of the conventional natural gradient algorithm in the actual speech signal separation. In
addition, the mean square error is reduced greatly and good convergence rate is maintained at the
same time.
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