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A New Complex Blind Source Separation Algorithm Based on
Standard Kurtosis
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Abstract; In the complex blind source separation algorithm, the complex signal kurtosis
maximization is often used as the cost function. The complex standard kurtosis was used instead of
complex kurtosis as the new cost function for optimimization, and a modified complex quasi-
newton iterative algorithm was employed to optimize the cost function. The algorithm was applied
to separate mixed QAM signal, and simulation results showed that the improved algorithm has a
good separation effect. Compared with the algorithm of the kurtosis maximization as the cost
function, the convergence performance was improved obviously.
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Fig. 1 The original signals and their signals
separated with two algorithms
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Fig.2 Compare of two algorithms’ PI values
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