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Blind Separation of EEG Based on Blind Deconvolution
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Abstract The convolution mixture model was adopted to describe the as-observed EEG signals
and then a method for the blind separation of EEG based on blind deconvolution was put forward.
The cost function was established based on the independence of EEG sources and iteration was
carried out using conjugate gradient method. The verification was implemented with simulation
experiment adopting the correlation coefficients between separated signals and source signals as
the verification indexes. Experimental results show that the method proposed can achieve blind
separation of EEG successfully providing a theoretical and practical reference for the processing
of EEG and other physiological signals.
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Table 1 Comparison of correlation coefficients
5
EEG 0.9713 0.9395
0.986 0 0.9524
0.9451 0.9208
0.967 5 0.9376
EEG
5
4
EEG
EEG EEG
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